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6.2 BERT

BERT (Bidirectional Encoder Representation from Transformers) [2] 5% Hy
Google AT FIBAFEH, & — A G EIERRE T A5 B 88, T4
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6.3 NEZHA
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6.4 RoBERTa
RoBERTa[4] & — i 2| i) BERT, F 2t an

— Bk Adam WS

— AR AR B

— K Batch size

— HEHEKMTFY) LN, Bl NSP, Fil F—ANA) iS5
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6.5 M LSTM

LSTM {y4=F5 /& Long Short-Term Memory([1], & —FFAIHAL. &HHEE R T
BT RA HEE, FIRZEF I AE R . ST DA o5 i 12 21
BRI R . (FUZ2 A LSTM HAEHHHE B 1] A K X & . BILSTM
Hi ) LSTM A5 1) LSTM 48, 78 HARTEFABESH, Tz T2 FA
KRR, JLHR A LIRS .

6.6 R-Transformer

R-Transformer[5] 7£ transformer f#Al_Efm T RNN SRABAEEE, B
8 =AM A— RNN G REURES, REWMOR 2 LEENZ, X5
Transformer HPALIE—3, HFEEEEREZ.

6.7 M

FATH A PA_ RS L, S DA AR :
— NEZHA large wwm
— NEZHA large wwm + CRF
— NEZHA large wwm + BiLSTM + CRF

— RoBERTa large wwm + R-transformers + CRF
— RoBERTa large wwm + BiLSTM + CRF
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8.1 Focal loss

Focal loss(7] J T FE MR R 2RI . 73 SMERE 22 S KA. 3220
JEARR SRR L A AN B REAR T AN ot T SRR L8 23 FHE T P O AR A . —
JAE 0 2 IR 1 52 LIS 2K B B -

Lce(g) =Y logg - (1 - y) IOg(l - g) (2)

Hoy BESRZ, ¢ 2R,
¥ Focal loss H7, #LERECH:

Lp(9) = —ya(1 —§)"logg — (1 — a)(1 — y)g” log(1 — 9) ®3)

TEARZAES o, TR DO IEREAR I N ORITZ XA 2% eR B0RT DA
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8.2 XFPLilgs

XHElIZ (adversarial training) (8] Jd 3 28 0 2% B MERY 7 20 FEVIZR
AMRIRUE TNk il = 0 AN U7 e IR AW UL 2L 2 ST NAE L 1) G N T I i
HI BRI AL
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FATHRF 5000 Z B EEHLAIAE L 5 > 1000 Z5%dE, B 4 > 1000 25 I 2
NER Fi, T 1000 Z& TN BARHZ . FATHX 5 MEAG IR
AR AR . EXAERATIEE] 5 AR EHIA 22 5 B T 4558 . AT
TUAIRE, e ORI T] DAREE] 10 ML
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SR ARW L, AT T AT LB T2, 55 NEZHA large,
Roberta fmx4iill4:, NEZHA large fil CRF DA MRC. FRATRBUR =i vk
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DA R A5 R BB RIS il A A B SR B4R

A WY P BR%E R F1H
NEZHA Base 0.6306 0.7180 0.6715
Roberta XHrillgE  0.70431 0.71784 0.71101
NEZHA large 0.68879 0.73374 0.71056
MRC 0.71091 0.80589 0.75542
NEZHA large #il CRF|0.72109 0.76198 0.74097
24 AT Y I 0.75089 0.79829 0.77387
27 AR R 0.76951 0.81206 0.79021

11.2 B Bpochsiit

AT E A B BFSCIRgi RN R

B [KiHfE P HHE R F1 {4
30 Mﬁﬁg&%\o.mmz 0.78142 0.77262
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